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Abstract 
Using three surveys from Turkey conducted in 2008 and 2009, two important methodological questions are raised concerning the 
application of Name Generator/Interpreter items in mass surveys. The first of these questions concerns whether different data 
collection methods (face-to-face as opposed to telephone interviews) make a difference to the network size variable, from which 
a host of other network variables are also generated. The second is about those respondents who do not name any discussants in 
their networks. Determinants of reported network size and non-discussant reports show a clear gender difference as well as 
patterns suggestive of the relevance of data collection techniques as a possible source for observed variations in basic network 
information. It is likely that the important matters name generator question does not adequately account for the respondents with 
no discussants; hence, follow-up questions are useful to both designate and further inquire the properties of this group. We link 
the gender differences observed to possible fieldwork difficulties in a conservative society like Turkey. 
© 2011 Published by Elsevier Ltd. 
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1. Introduction 
Although recognition of the importance of social ties may be implicit in the intellectual heritage of earlier 
periods, Freeman (2004) traces the roots of social network analysis back to early 19th century French sociologist 
Auguste Comte. A rigorous study of social networks, however, has only recently gained momentum in diverse 
fields of social sciences. Besides the mathematical study of social networks, recent developments in network 
measurement items for mass surveys allow for an empirical as well as analytical basis for the study of social 
network properties and testing of the hypotheses set in many fields of social sciences.  
Name Generator/Interpreter (NGI) (Burt, 1984); Position Generator (PG) (Lin et.al.,1981;, 2007; Lin and 
Erickson, 2008); and Resource Generator (RG) (Van der Gaag and Snijders, 2005) are among these recent social 
network methods. Each of these methods elicits different types of networks which embed individuals both in their 
communities and in their socio-political environments. In this paper, we focus on the NGI which elicits individuals’ 
core discussion networks. By examining three mass surveys, which were conducted in Turkey in 2008 and 2009, 
our analysis raises a series of methodological questions about the application of the NGI items in mass surveys. The 
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first of these questions concerns the fieldwork experience of the NGI module. Respondents in Turkey were not, in 
general, uneasy in their responses to the important matters discussant generator. However, the number of 
discussants we used remained limited to three rather than our initial objective of five; because, our pilot study 
showed that collecting data on each of the five discussants is rather unmanageable.  
The second methodological question concerns the type of survey that is administered. Our findings suggest that 
face-to-face interviews better suit collection of social network data than telephone interviews. Although we have no 
information concerning self-administered surveys as a data collection strategy, the cognitive, conceptual and 
information processing difficulties embedded in the questioning of social networks seem to raise fieldwork costs in 
favour of a face-to-face methodology. We diagnose some persistent differences in the main characteristics of the 
reported networks such as their size and composition and differences between male and female respondents. Such 
differences may be attributable to fieldwork difficulties within the conservative social setting of Turkey or may be 
due to cognitive and perception differences of substantive importance between men and women. As such, further 
investigations concerning the underlying reasons for these observed differences between men and women are 
needed.  
Our last question is about the treatment of those respondents who did not provide any discussant names. Our 
findings suggest that this group of respondents should be investigated further. These respondents may either be 
social isolates, may be individuals who have not discussed any important matters recently, or may have been 
unengaged by our survey setting. In any of these cases, either their inclusion in the analysis as the social isolates or 
their exclusion on the basis that they are not exposed to any network influence may result in loss of valuable data, if 
not a distortion in the research findings.  
In the following, we start with a brief synopsis of NGI applications in mass surveys. Then we discuss the three 
surveys used to gather the NGI data in Turkey. The influence of different survey types on network size measure and 
properties of the respondents who do not name any discussants will also then be considered, followed by an 
evaluation of the results obtained.  
2. The name generator/interpreter and its applications  
The Name Generator/Interpreter questions are designed to collect data about individuals’ interpersonal ties with 
their close-by social environments. As its name also implies, the NGI questions are composed of two sections. The 
first is the Name Generator section, which is designed to elicit individuals’ core discussion networks (Burt, 1984). 
The question asked is as follows:  
 
From time to time people discuss important matters with other people. Looking back over the last six months, 
who are the people with whom you discussed matters important to you? Just tell me their first names and initials. 
 
The respondent is asked to name as many people as he/she can. The total number of discussants indicated by the 
respondent constitute the network size variable. This question is then followed by the Name Interpreter section 
which is designed to obtain both the density of the indicated relationships and measures of the respondents’ 
perceptions of the attributes and the attitudinal characteristics of the cited discussants.  
A critical measurement obtained in the NGI module is network density, which is the mean tie strength of a given 
network. Accordingly, network density measures focus on the nature of relationship between the respondent and the 
reported discussants. The closeness of relationship, the frequency of contact, and the duration of relationship are 
among the network density measures. These measures are used to compute the mean strength of connections at the 
network level, which constitute the network density variable (Marsden, 1990).  
Network size and network density variables provide information about the structural features of the individuals’ 
social networks. Both measures are derived from tie properties at the network level. Besides the structural features 
of the network, however, the Name Interpreter also includes questions about the properties of the discussants. These 
questions focus on the attributes and attitudinal characteristics of each discussant. This information is important; 
because, it designates the extent of similarity and/or difference within the network in terms of either the attribute or 
the attitude under consideration. Such information, in return, allows for an account of yet another network measure; 
that of the network diversity.  
 
162  Ali Çarkog˘lu and Cerem I. Cenker / Procedia Social and Behavioral Sciences 10 (2011) 160–171
Since Burt’s discussion of NGI items in mass surveys (1984), research has abounded using the NGI methodology 
examining the relationship between network properties and information flows, on the one hand, and mass attitudes 
on the other. On the methodological front, for instance, Marsden (1987, 1990) discusses in detail the types of 
network measures that can be derived from NGI items; Ruan (1998) compares NGI items with exchange name 
generators in terms of both similar and different types of networks these different items elicit. In a similar vein, both 
Marsden and Bailey (1999) and Bearman and Parigi (2004) focus on the variability in respondents’ understanding 
of the “important matters” and they further relate their findings to variability of the network structure. In relation to 
their interest in the structure of the Name Generator question, Bearman and Parigi (2004) also question both the 
nature and structure of those respondents who do not name any discussants. 
Besides these methodological questions, NGI items have also proven viable in studies on information flows and 
mass attitudes. Huckfeldt et.al.(2004), Mutz (2002a), and Nir (2005) for instance, explored the influence of network 
exposure of different political ideologies and opinions on political participation. Gibson (2001) showed that network 
level particularized trust relates significantly to generalized trust and Mutz (2000b) showed the relationship between 
network exposure to different political ideologies and opinions and tolerance.  
Notwithstanding the importance of this latter strand of research, the present study aims to contribute to 
methodological issues raised by the adoption of the NGI items in mass surveys. As already noted, the analysis will 
focus in particular on the influence of different survey types (face-to-face as opposed to telephone surveys) on 
network size on the one hand, and on properties of the respondents with no indicated discussants on the other. 
3. Application of name generator/interpreters in Turkey 
The NGI module has been adopted in three recent surveys in Turkey (See Table 1). INTUNE is the abbreviated 
version of the “Integrated and United Europe” which is a multi-disciplinary and multi-country project, funded by 
the EU within the 6th Framework Program. Turkey became a participating country in this project only at latter 
stages; hence the mass level INTUNE survey of Turkey is funded by The Scientific and Technological Research 
Council of Turkey (TUBITAK). In the rest of the paper, all three surveys are referred to by their project names in 
Table 1. 
  
Table 1. Details of the three surveys 
Project Name Fieldwork Dates Funding Objective & Design 
INTUNE Oct.-Dec. 
2008 
TUBITAK Perceptions of the EU and citizenship. Country- wide, 
representative sample. Telephone interview. 1034 respondents. 
INFORMALITY Nov.-
Feb.2009 
World 
Bank 
The extent and modalities of informal economic activities. 
Country-wide representative sample of the urban population. 
Face-to-face interviews. 1004 respondents. 
RELIGIOSITY Jan.-
March 
2009 
TUBITAK The relationship between religiosity, subjective-health and 
happiness. Country-wide representative sample. Face-to-face 
interview. 3018 respondents. 
 
In all these three surveys, Burt’s Name Generator question, which was applied in the US General Social Survey 
(GSS) for the first time in 1985, is used. Accordingly, the respondents are asked to nominate up to three discussants 
with whom they discussed important matters in the last six months. In the US GSS of 1985, the respondents were 
allowed to provide as many names as they can for the Name Generator section of the network module and Burt 
suggests up to three discussants as the minimum to be asked in the Name Interpreter questions in order to reveal 
variation - if any - at the network level (Burt, 1984). In order to account both for more extensive networks and for 
variability in relations as well as attitudes, the initial plan was to expand the NGI module to up to five discussants. 
However, the pilot field-work trials of the network module, conducted for the INTUNE survey, persuaded us to 
limit this to a three discussant generator. In the pilot, respondents who were asked to nominate up to five 
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discussants, found it difficult to provide details of the attitudes and various attributes of their network members. 
Since the network module is quite demanding of the respondent especially in multi-item surveys, the interviewers 
had difficult time keeping the respondents focused on their reported network members and their answers about 
them. Indeed, although the US GSS asked up to five respondents in its first application in 1985, the number of 
discussants being asked was reduced to up to three discussants on the basis of similar concerns in latter 1987 
application (Knoke, 1990). Hence we eventually settled for a limit of up to three discussants. 
4. Different survey types and network size  
The application of identical Name Generator question in the three surveys allowed us to examine the robustness 
of the network size variable across different surveys. Given the different data collection strategies adopted in these 
surveys (INTUNE was a telephone interview and both INFORMALITY and RELIGIOSITY were face-to-face 
interviews) we also questioned whether network results were similar for the telephone as opposed to the face-to-
face interviews.  
The mean network size for the INTUNE survey is 1.43. For the INFORMALITY survey the mean network size 
is 1.81; and for RELIGIOSITY survey it is 1.50. Figure 1. below reveals the distribution of the network size 
variable across the three surveys. Since the INFORMALITY survey uses a sample of the urban population only, the 
following Figure 2. displays the same distribution for the urban sub-samples of all three data sets. 
 
Figure 1. Network size variable across three surveys 
 
It should be noted that, on average, the respondents across three surveys named between one and two people in 
their networks. However some stark differences are also observed across three surveys for different network sizes. 
Networks of one discussant are the most densely populated for the INTUNE (43.6%), yet networks of three 
discussants are the most populated for the INFORMALITY (38.7%). Since name generator/interpreter items aim to 
elicit the attributes/attitudes of the discussants besides their names and relationships to the respondent, the 
difference between one discussant network and three discussant networks not only creates significant differences in 
fieldwork interview times across the three surveys, but this discrepancy is also likely to make significant difference 
in the subsequent analyses. Accordingly, the data collection method which appears to be more likely to yield larger 
networks is well worth questioning. In our analysis, the simple descriptive properties of the network size variable 
across three surveys indicate a more extensive account of the individuals’ networks through face-to-face interviews 
than the telephone interviews. Yet, it should also be remembered that the INFORMALITY survey which elicited 
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more extensive networks was conducted only of the urban population in Turkey. Hence making a comparison of 
three surveys only of the urban populations seems relevant. Figure 2 below provides this comparison.  
 
Figure 2. Network size variable across three surveys of the urban population 
 
 
Figure 2 displays a similar distribution to Figure 1. The noteworthy points in these two figures are as follows: 
One-discussant networks are the most densely populated for the INTUNE telephone survey and three discussants 
networks are the most populated for the INFORMALITY face-to-face survey. This may be indicative of fieldwork 
difficulties encountered in telephone surveys eliciting network information and thus effectively cutting off a longer 
network story in order to shorten the interview times. Thus a higher likelihood of obtaining more extensive 
networks appears through face-to-face interviews. After all, the time constraint in multi-item surveys may well be 
aggravated in telephone surveys; because, the respondents are likely to become less patient about continuing the 
survey when the rapport between the interviewer and the interviewee is established at a distance. Our control over 
the telephone interviewers at the time did not suggest a higher willingness to speed up the interview process on the 
part of our fieldwork interviewers. This assertion, however, begs further inquiry. Indeed it should also be noted that 
one-discussant networks are also quite densely populated for the urban sample of the RELIGIOSITY survey, which 
was a face-to-face interview. Also the percentage of respondents who did not indicate any network discussants is 
the highest for this survey (24.5%). Indeed, on a priori grounds the zero network size is expected to be most likely 
in the INTUNE telephone interviews but this expectation is not supported by our data. Hence the comparison of the 
network size variable between the telephone and the face-to-face interviews is hardly straightforward.  
In order to elaborate on this question further, we examined the influence of a series of demographic variables on 
the network size. These demographic variables are gender, marital status, age, household size, settlement type, and 
education. Accordingly, we tested whether the network size changes significantly for different values of 
demographic variables for each survey. Once the demographic features of the network size are designated, we 
checked for robustness of the results across three surveys. Our hypothesis was that in case of robustness, the 
accounted differences in the network sizes would not be attributed to different samples and thus similar results 
should be observed across our three samples. Alternatively in case the demographic features of the network size 
variable would vary across surveys, then, different survey types of the telephone and the face-to-face interviews 
would be retained as the usual suspect to explain the differences of the network size variable across surveys.  
An ordinary least squares regression is employed to discern the demographic features of the network size. The 
results of these estimations are reported on Table 2. The gender, marital status, settlement type and education are 
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dummy variables. Accordingly for the gender variable Male=1; for the marital status variable Being Married=1; for 
the settlement type variable Urban=1. Three dummy variables are computed for the education variable which are 
Low Education = literate and primary school; Mid-level education = secondary and high school; and High education 
= university and higher. High education is used as the base category. Lastly, age and household variables are 
continuous variables.  
 In order to test whether male and female respondents differ in terms of the influence of other variables we 
included interaction variables of these control variables with gender in our equations. The constant in these three 
cases thus grasp the mean network size for unmarried and highly educated female respondents who live in rural 
settlements for the INTUNE and RELIGIOSITY surveys which happen to have both urban and rural residents after 
controlling for age and household size. Since we only have urban settlers in the INFORMALITY survey the 
constant refers to the mean network size for unmarried and highly educated female respondents after controlling for 
age and household size.  
 
Table 2. Demographic features of network size across three surveys 
 
 INTUNE INFORMALITY RELIGIOSITY 
 Β 
Level of 
Significance β 
Level of 
Significance β 
Level of 
Significance 
Gender  
-0,439 0.157 0,081 0,835 -0,070 0,753 
Marital status 
-0,116 0.265 -0,221 0,082 -0,209 0,003 
Age 
-0,005 0,212 -0,005 0,294 -0,003 0,194 
Household size 
-0,006 0,839 0,011 0,808 -0,018 0,291 
Settlement type 0,155 0,111   -0,134 0,037 
Low education 
-0,138 0,298 -0,403 0,046 -0,396 0,000 
Mid-level education 
-0,269 0,041 -0,233 0,254 -0,250 0,026 
Gender X Marital status 0,077 0,625 0,330 0,071 0,006 0,953 
Gender X Age 0,003 0,608 -0,002 0,670 -0,001 0,661 
Gender X Household size 
-0,010 0,776 -0,038 0,536 -0,016 0,513 
Gender X Settlement type 0,246 0,065   0,065 0,470 
Gender X Low education 0,201 0,282 -0,091 0,716 0,128 0,398 
Gender X Mid-level education 0,356 0,042 -0,210 0,398 0,097 0,508 
Constant 1,767 0,000 2,386 0,000 2,260 0,000 
R2 0,034 0,029 0,029 
Adjusted R2 0,021 0,017 0,025 
N 1007 944 3001 
 
There is no single variable that has a persistently significant impact upon network size across our three surveys. 
However, when we check only the face-to-face surveys we observe some persistent patterns. For example, married 
women report a lower network size and in the INFORMALITY survey married men also report higher network size, 
holding all other variables constant. However, the positive differential on the network size for married men 
disappears in the RELIGIOSITY survey. Similarly, low educated women appear to report significantly lower 
network size compared to higher educated unmarried women.  
This persistent picture that seems to reflect some kind of conservatism, only observed for mid-level education 
women in the INTUNE phone survey (For an exploration of conservatism in Turkey see Çarkoğlu and Kalaycıoğlu, 
2009).What is perhaps a reverse of the same phenomenon of conservatism in the INTUNE survey is the 
significantly higher network sizes reported by men compared to unmarried highly educated rural women. Men 
living in urban areas and of mid-level education appear to have a significantly larger network size. Thus while 
women graduates of junior and high schools have lower network sizes, men of the same level of education report 
significantly higher network sizes. However, even men of these qualifications appear to have a lower network size 
166  Ali Çarkog˘lu and Cerem I. Cenker / Procedia Social and Behavioral Sciences 10 (2011) 160–171
compared to the reference categories of the INFORMALITY and RELIGIOSITY surveys representing highly 
educated unmarried women.  
The difference between men and women appear most significantly in the RELIGIOSITY survey. Since the 
gender interaction variables all have insignificant coefficients we infer that men of different settlement types, 
education levels, coming from different household sizes all have about the same network size of the reference 
category women who report the highest network size. This is the main pattern that seem to emerge from all three 
survey samples. When interaction variables representing men of different qualifications are significant they all have 
a positive sign. When variables without interaction terms representing women of different types are significant, they 
all have a negative sign reflecting a lower network size than the highest network size of the reference category. 
Table 3 below is a replication of the above analysis with only the urban samples of all three surveys. The results 
for the face-to-face surveys are basically qualitatively the same. For the telephone survey we no longer get any 
significant difference across our control variables. This suggests that urban-rural difference is interacting with other 
variables in creating significant differences across mid-level education and gender variables. When this interaction 
is lifted, all categorical differences seem to disappear.  
 
Table 3. Demographic features of network size across three surveys of the urban samples 
 
 INTUNE INFORMALITY RELIGIOSITY 
 β 
Level of 
Significance β 
Level of 
Significance β 
Level of 
Significance 
Gender  
-0,087 0,819 0,081 0,835 -0,173 0,482 
Marital status 
-0,073 0,562 -0,221 0,082 -0,199 0,017 
Age 
-0,005 0,264 -0,005 0,294 -0,006 0,051 
Household size 
-0,034 0,334 0,011 0,808 -0,035 0,123 
Low education 
-0,074 0,622 -0,403 0,046 -0,372 0,002 
Mid-level education 
-0,195 0,194 -0,233 0,254 -0,232 0,053 
Gender X Marital status 
-0,028 0,890 0,330 0,071 0,045 0,719 
Gender X Age 0,000 0,975 -0,002 0,670 -0,003 0,548 
Gender X Household size 0,015 0,756 -0,038 0,536 0,039 0,215 
Gender X Low education 0,212 0,367 -0,091 0,716 -0,003 0,984 
Gender X Mid-level education 0,316 0,136 -0,210 0,398 0,120 0,449 
Constant 1,972 0,000 2,386 0,000 2,269 0,000 
R2 0,016 0,029 0,045 
Adjusted R2 0,000 0,017 0,040 
N 650 944 1936 
 
We also observe from the RELIGIOSITY survey that in urban settings the impact of aging upon reported 
network size appear to be significant. As respondents get older they seem to report slightly smaller size networks 
and thus appear to become more socially isolated. However, the magnitude of this shrinking influence upon network 
size is only marginal.  
In summary, we observe that the influence of demographic variables on network size is more robust for the two 
face-to-face interviews than the telephone interview. The results from the telephone survey applications of the NGI 
module appear to be uncorroborated by its face-to-face versions. We observe that these two types of surveys are 
likely to yield not only different distributions across values of network size, but also these differences are likely to 
be significant as to the structural demographic determinants of different network sizes.  
At least on the aggregate average network size measures and its underlying basic determinants, we seem to get 
an unreliable result across telephone and face-to-face applications of the NGI module. Which one of these 
measurement exercises appears to yield a more valid measurement? This is clearly a more difficult question to 
answer than apparent stability of network size measurements. However, the more significant differences across 
demographic groups tend to be more convincing especially when they all appear to fit into an expected pattern. The 
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telephone survey results however appear to yield a more random variation across demographic groups that are 
reflected by a less significant variation across groups in nation-wide urban and rural samples together and virtually 
no variation across groups in solely urban sample. 
Hence at least for the case of Turkey, where telephone interviews are not very frequent, the employment of face-
to-face interviews is preferable to account for more extensive network data. Similar types of comparisons across 
countries are desirable in order to argue for generalizability of this assertion. As to the demographic features of 
network size in Turkey, it seems like unmarried women of higher education level living in rural areas report the 
highest levels of network size. It has to be admitted that such women are rarely observed in Turkey. Also, all other 
groups of women seem to report a lower level of network size and men of different demographic attributes appear to 
be insignificantly different from the highest network size of the reference group. Further research is also needed to 
test these initial findings. 
5. Multiple respondents of no indicated discussants 
Another methodological question besides the data collection method is the treatment of those respondents, who 
did not name any discussants, which, once again, relates to the network size variable. This is especially problematic 
in political research which focuses on individuals’ network exposure to different types of 
information/attitudes/opinions; hence, which is concerned with network level variables. This is because their 
exclusion from the dataset results in a loss of data and their inclusion in the analysis results in equating the 
respondents of no discussants to respondents who are not exposed to certain informational and/or attitudinal 
influence by their discussants. Hence understanding the nature of these respondents and thinking about the 
treatment of the respondents with no discussants continue to challenge the empirical work on social networks. 
In his analysis of discussion networks in Russia, Gibson (2001), for instance, regards the respondents who did 
not name any discussants as social isolates. However, one cannot be sure whether these people really lack any social 
ties or most of them simply skip the network module of the given survey. Another possibility for the lack of 
discussants is raised by Bearman and Parigi (2004), whose analysis focuses on the structure of the Name Generator 
question. As will be remembered, the Name Generator asks for those discussants with whom the respondent has 
discussed important matters in the last six months. Hence Bearman and Parigi argue that it is likely that some of the 
respondents simply have not had such discussions lately. This is indeed a viable possibility and the better part is the 
fact that in their research Bearman and Parigi included a follow-up question to the classical Name Generator 
question only for those respondents who did not name any discussants. This question inquires specifically whether 
the respondent has not had any important matters to discuss lately or he/she simply has not had anyone to discuss 
these matters. Accordingly they report that more than half of the respondents had not had anything important to 
discuss about lately rather than having no one to talk to. Unfortunately, this study was brought to our attention only 
recently; hence, in our three surveys we did not include a follow-up question of a similar sort.  
Despite the fact that we do not have information about the reasons why some of the respondents did not name 
any discussants, the social isolation hypothesis can still be tested: In case those respondents with no discussants are 
indeed social isolates, some of attributes of this would be discernable. Alternatively, this group of respondents 
would not yield a discernible pattern across any one of their attributes; hence their distribution would be random. In 
such a case this group would indeed be inferred as being composed of the unengaged respondents who simply 
skipped the network module of the survey.    
In order to understand whether or not respondents with no discussants are significantly different in certain 
attributes than respondents of at least one discussant, logistic regression analyses are employed for the three 
surveys. The dependent variable of these analyses is the binary variable of having at least one discussant (1) or 
having no discussant (0). The demographic attributes regressed over this variable are identical with the previous 
analyses which are gender, marital status, age, household size, settlement type, and education. Interpretation of the 
estimation results are similar but will have to be formulated in terms of influences upon the likelihood of having at 
least one discussant as opposed to having no discussant.  
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Table 4. Demographic features of respondents with at least one discussant vs. respondents with no discussants 
 
 INTUNE INFORMALITY RELIGIOSITY 
 β Sig. 
Exp 
(β) β Sig. 
Exp 
(β) β Sig. 
Exp 
(β) 
Gender  -2,099 0,025 0,123 -0,072 0,951 0,930 -0,565 0,256 0,568 
Marital status 0,064 0,828 1,066 -0,486 0,164 0,615 -0,171 0,271 0,843 
Age 
-0,017 0,101 0,983 -0,003 0,758 0,997 -0,012 0,016 0,988 
Household size 
-0,025 0,741 0,975 -0,101 0,361 0,903 -0,064 0,071 0,938 
Settlement type 
-0,050 0,854 0,951    0,031 0,814 1,032 
Low education 
-1,024 0,044 0,359 -1,378 0,068 0,252 -0,754 0,009 0,470 
Mid-level education 
-1,266 0,012 0,282 -0,773 0,318 0,462 -0,510 0,08 0,600 
Gender X Marital status 0,102 0,817 1,108 1,096 0,019 2,993 0,109 0,62 1,115 
Gender X Age 0,005 0,751 1,005 -0,019 0,173 0,981 0,003 0,631 1,003 
Gender X Household size 0,053 0,603 1,055 -0,080 0,592 0,923 -0,007 0,88 0,993 
Gender X Settlement type 0,698 0,060 2,009    -0,121 0,505 0,886 
Gender X Low education 1,311 0,035 3,710 0,497 0,567 1,644 0,137 0,704 1,146 
Gender X Mid-level education 1,617 0,007 5,039 -0,132 0,881 0,876 0,251 0,482 1,285 
Constant 3,413 0,000 30,361 3,584 0,000 36,019 2,684 0,000 14,637 
- 2 log likelihood 
 875,025   830,905   3325,948  
Cox & Snell R square 
 0,023   0,033   0,023  
Nagelkerke R square 
 0,039   0,055   0,034  
N 
 1007   944   3001  
 
The results in Table 4 reveal that low educated women are significantly less likely to report at least one 
discussant compared to unmarried women of higher education levels living in rural areas. Lower educated women 
then are more likely to report no discussants and appear isolated than men and women of higher education levels. 
To be more specific, low educated women appear to be approximately 2.8 times (1/0.359) more likely to report no 
discussants than to report at least one discussant in the INTUNE survey. In the INFORMALITY survey, the 
likelihood of no discussant report is approximately 4 (1/0.252) times and in the RELIGIOSITY survey 2.1 (1/0.47) 
times larger than at least one discussant. Clearly, although the direction of all these coefficients for the low educated 
women are the same, the estimated magnitudes vary a great deal across telephone and face-to-face surveys as well 
as between samples of the face-to-face surveys. Similar instabilities across estimates of significant influences of 
different variables are also observable.  
The significant difference of low educated women is the only pattern that appears in all three surveys. Is this a 
reflection of social isolation surrounding women of lower education or is it a reflection of the conservatism on the 
part of these women who strive to project an image of virtuous decency by not even revealing their close confidents 
to our fieldwork interviewers on the telephone or in a face-to-face setting? This is a difficult question to answer on 
the basis of our available data. However we can speculate that education is highly correlated with conservatism and 
that women of low education are most likely to carry traits of such conservative attitudes that would push them 
towards portraying themselves as social isolates rather than discussing these matters with the stranger conducting 
our fieldwork. Nevertheless women’s social isolation as an alternative hypothesis should be tested with further data 
collection on this matter as well. 
We observe that men with high education from rural areas in the INTUNE phone survey are significantly less 
likely to report that they have at least one person to talk to about important matters in their lives compared to our 
reference category of women with high education in rural areas. However, men of urban areas and even men of 
lower levels of education appear to be more likely to report at least one discussant compared to women of higher 
education from rural areas. However, none of these gender and education and gender and settlement type 
interactions continue to remain significant in the face-to-face surveys. Instead, married men appear to have a 
significantly higher likelihood of having at least one discussant in the INFORMALITY survey. However, this 
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interaction is insignificant in the other two surveys. Similarly, in the RELIGIOSITY survey aging women and larger 
household size for women appear to render the likelihood of no discussant reports higher. Yet, these results are also 
not observed in either one of the other two surveys. In short, there appears very little persistence in the underlying 
structure of no discussant reports across the three surveys. Nevertheless, in all surveys some groups appear more 
likely to report no discussant than others. This ought to be a concern for the NGI module applications and thus 
should lead to follow up questions to discern the correct interpretation of such reports.  
Similar to our earlier analyses aiming at a comparative analysis across the three surveys, an identical analysis is 
repeated for only the urban populations in below Table 5. This time no single group appears to be persistently 
different than the rest across our three surveys. Similar variations in the direction and magnitudes of estimated 
differences across our main groups are observed. As such, our main conclusions above remain unchanged: some 
groups appear to be significantly more likely to report no discussants. In order to obtain a meaningful interpretation 
of the meaning of these reports of social isolates follow-up questions are needed to understand the possible reasons 
for the respondents for not providing a discussant. Such questioning will have to ascertain whether there have been 
no important matters during the specified period of time and thus the respondents have reported absence of anyone 
to discuss these important matters. Alternatively, we need to learn whether it is the sheer non-existence of such 
individuals despite the existence of important matters that call for a need to discuss them.  
 
Table 5. Demographic features of respondents with at least one discussant vs. respondents with no discussants of the 
urban populations 
 INTUNE INFORMALITY RELIGIOSITY 
 β Sig. 
Exp 
(β) β Sig. 
Exp 
(β) β Sig. 
Exp 
(β) 
Gender  
-1,947 0,090 0,143 -0,072 0,951 0,930 -0,898 0,116 0,407 
Marital status 0,109 0,756 1,115 -0,486 0,164 0,615 0,054 0,773 1,056 
Age 
-0,024 0,056 0,976 -0,003 0,758 0,997 -0,019 0,002 0,981 
Household size 
-0,131 0,148 0,877 -0,101 0,361 0,903 -0,081 0,100 0,923 
Low education 
-0,727 0,170 0,484 -1,378 0,068 0,252 -0,865 0,007 0,421 
Mid-level education 
-1,135 0,028 0,321 -0,773 0,318 0,462 -0,549 0,091 0,578 
Gender X Marital status 
-0,084 0,885 0,920 1,096 0,019 2,993 0,042 0,878 1,042 
Gender X Age 0,008 0,685 1,008 -0,019 0,173 0,981 0,004 0,613 1,004 
Gender X Household size 0,245 0,091 1,278 -0,080 0,592 0,923 0,044 0,502 1,045 
Gender X Low education 1,158 0,127 3,184 0,497 0,567 1,644 0,122 0,764 1,130 
Gender X Mid-level education 1,277 0,060 3,588 -0,132 0,881 0,876 0,300 0,453 1,350 
Constant 3,840 0,000 46,537 3,584 0,000 36,019 2,977 0,000 19,622
- 2 log likelihood 
 524,410   830,905   2088,293  
Cox & Snell R square 
 0,025   0,033   0,033  
Nagelkerke R square 
 0,044   0,055   0,049  
N 
 650   944   1936  
 
The preceding analyses have underlined some significant gender differences in both the likelihood of reporting 
no discussants as well as the size of the reported networks within the NGI framework. This observation also raises 
the question as to the nature of the network ties reported by men and women. Our NGI module included a question 
about a closeness measure by asking the nature of the reported discussants’ tie to the respondent. Are women 
reporting family members as their discussants more significantly often than men? 
Below Table 6 shows that that family and friend dominate the answers. Acquaintances (or tanıdık in Turkish) are 
only marginally mentioned. Women are indeed more likely to report family members as their discussants than men 
and men appear to be more likely to report friends and acquaintances than women. As to relatives there is a less 
clear difference between men and women. In the INTUNE and INFORMALITY surveys men and women are not 
different in their likelihood of reporting a relative discussant. However, in our RELIGIOSITY survey women again 
are more likely to report a relative as their discussant than men. 
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Table 6. Closeness in Social Networks of Men and Women 
 
INTUNE INTUNE (U) INFORMALITY RELIGIOSITY RELIGIOSITY (U) 
Family      
Women 340 (62,73%) 247 (68,80%) 325 (56,42%) 747 (62,98%) 489 (65,99%) 
Men 202 (37,20%) 112 (31,19%) 251 (43,57%) 439 (37,01%) 252 (34,00%) 
Relative      
Women 67 (49,26%) 46 (50,54%) 123 (50,40%) 512 (57,72%) 291 (58,20%) 
Men 69 (50,73%) 45 (49,45%) 121 (49,59%) 375 (42,27%) 209 (41,80%) 
Friend      
Women 227 (38,15%) 190 (40,94%) 367 (38,95%) 881 (40,11%) 649 (42,61%) 
Men 368 (61,84%) 274 (59,05%) 575 (61,04%) 1315 (59,88%) 874 (57,38%) 
Acquaintance      
Women 8 (33,33%)  6 (54,54%) 23 (41,07%) 101 (50,75%) 53 (51,45%) 
Men 16 (66,66%) 11 (45,45%) 33 (58,92%) 98 (49,24%) 50 (48,54%) 
 
6. Conclusions 
Several patterns emerge from our analyses of the three surveys that employed the NGI question module to 
unearth patterns in Turkish social networks in nation-wide representative samples. First of all, we observe very little 
persistence in the patterns across both face-to-face and telephone surveys as well as across urban as opposed to 
nation-wide representative samples. At the same time, we do observe different patterns in reported network size and 
the likelihood of reporting at least one discussant in the telephone as opposed to the two face-to-face surveys. These 
findings suggest that different survey types are likely to make difference in the obtained network data.  The variety 
and suitability of the patterns observed in face-to-face surveys may be grounds for preferring this data collection 
method. However, further more systematic and controlled investigations of these methodologies are needed in order 
to establish the validity and reliability generating capacities of these data collection techniques.  
Another major point of contention that arises from our analyses concerns the gender differences observed in our 
results. We observe a persistent difference between men and women respondents in their reports of the network size 
as well as the nature and composition of their social networks. Women appear to project a social network that fits 
into a socially more easily acceptable or defendable decency and virtuous image of a woman with small social 
networks. In comparison with men, women’ networks are also more dominantly composed of family and relatives. 
Such conservatism may be a reflection of problems in our fieldwork where male interviewers facing women might 
be creating these observed differences. There may also be differences between men and women as to how they 
conceptualize the important matters in their lives and how they perceive the discussants suitable for discussing these 
matters with. If, for instance, women tend to perceive important matters as pertaining primarily family matters, then 
their reported social networks primarily composed of family and relatives is only to be expected. Such issues cannot 
be differentiated meaningfully on the basis of our present data and needs further investigations in the future.  
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